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Application Review of Face Recognition Technology Based on Deep Learning Theory
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Abstract: This paper reviews the application of face recognition based on deep learning theory. The probiem that the traditional face recognition technoiogy is anal
yzed deep learning theory and research status quo are described,deep learning is important research direction in the development of face recognition technology is put f
orward deep belief network and convolutional neural network, the two most widely used models in the field of face recognition are introduced for face recognition technol
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velopment of face recognition technology based on deep learning is summarized and prospected. The research emphasis in the future is put forward.
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Face recognition has been widely applied in many systems in our lives. These applications have reached good accuracies on face recognition tasks
when face images can be captured with good quality, particularly when they have a high enough resolution. However, in an indoor environment, a
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Low-Resolution Face Recognition in Multi-person Indoor Environments
Using Convolutional Neural Networks

Greg C. Lee, Yu-Che Lee
Computér Science & Information Engineenng
National Tawan Normal University
Taipei, Taiwvan
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Abstract - Face recognition has been widely applied in many
wystems in our Mves. Thewe applications have reached good
accuracies om face recogmition tasks whes face mages can be
caplured with good quality, particularly whes they have a high
enough resobution, However, in an indoor emvironment, a
sarveillance camerns often covers a wide area with multiple
persons; this leads to anly lower resolutions of face Images are
avallable &8 face vecognition, This paper presents 3 face
recognition  approach  fer low  resolution  bmages using
conv neural K (CNN) I s multh-person Indoor
vl Our hods flrst detect Bace reghons wiih the
YOLOYN spproach and then recogaize face Images using the

Cheng-Chich Chiang
Information Techaology
Takming University of Science
Taipei, Taiwan
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This paper focuses on nnuiti-person face recognition with
Jow-resolution mages (0 ap indoor eavironment for
applications in smant classrooms. Figure | depicts the lavout
of our classroom with four cameras installed on the ceiling so
cover four rows of seats. The field of view angles are fixed,
50 various resolutions of face images can be captured for
differest rows of seats. Figure 2 Rlustrates 8 smapshot of the
classroom | ow experimemt that imvolves varioms
resolutions of face images. The proposed system segments
all face images in the claswoom and then collects them for
further face recognition
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Deep learning allows computational models that are composed of multiple processing layers to learn representations of data
with multiple levels of abstraction. These methods have dramatically improved the state-of-the-art in speech recognition,
visual object recognition, object detection and many other domains such as drug discovery and genom ... B RE %
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Multilayer neural networks trained with the back-propagation algorithm constitute the best example of a successful gradient-
based learning technique. Given an appropriate network architecture, gradient-based learning algorithms can be used to
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Face detection algorithm based on improved TinyYOLOv3
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An improved face detection method ground on TinyYOLOv3 algorithm is put
forward in this paper in view of the low recognition rate of traditional face
detection methods in complex background and the long detection time of
existing face detection methods ground on deep learning The main network
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Face detection is challenging in real-world due to various poses, occlusions,
lighting conditions and 50 on. Recently, deep learning achieves excellent
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Despite significant recent advances in the field of face recognition (10,
14,15, 17}, implementing face verification and recognition efficiently at
scale presents serious challenges to current approaches. In this paper
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