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Abstract— Face recogmition has been widely applied in mamy
systems in our lives. These applications have reached good
accuracies on face recognition tashs when face Images can be
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This paper tocuses on multi-person face recognitbon with
low-resolution images in an  indoor envirooment for
applications in smart classreoms. Figure 1 depicts the layout
of our clazsroom with four cameras instelked on the ceiling to
cover four rows of seats, The field-ofview angles are ficed,
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This is the secand chance that | have had to review the manuscript.
In my previous réview, | really pushed the authors to'tfink carefully
about many aspects of the framework that they constructed in
their paper, and about what conclusions they could or could not

raw from it. | appreciate and acknowiedge that there are many
togistical limitations in studies such astheirs, though | believe that
for a paper in Methods in Ecology and Evolution the conclusions
must be robust (irrespective of limitations). On the whole, the
authors have done a good job with improving the clarity of their
messages and with providing a more considered set of
recommendations from their results given the limitations of the
data. | have just;a few thoughts that arose while reading the
manuscript, which | provide to the authors below should they find
them helpful. Other than that, | recommend a careful proof-read
because there were a few typos introduced in the revision. Thanks
for taking the time to carefully revise your manuscript.
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